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Abstract

This paper proposes a systematic review of the empirical research investigating why artificial
intelligence (Al) devices are accepted or rejected. The aim is to discover and examine pivotal
determinants related to Al acceptance, to resolve contradictions within the literature and to
detect potential research areas that are unexplored, thus promising a holistic understanding
of how humans interact with Al technology. The review highlights significant gaps in the
literature with regard to how expectations, contextual factors and emotions are associated
with Al acceptance. Effort expectancy, social influence, and anxiety are commonly investi-
gated; however, the findings are conflicting. Hedonic motivation and trust are found to be
significant antecedents for acceptance, but their mediating effects with other emotional and
contextual factors are still less researched. Differences in methodology, in population, and
in the Al applications evaluated, may have contributed to conflicting results. Such findings
imply that Al acceptance is multidimensional in nature and cannot be comprehended by
isolated constructs. Future research needs to focus more on integrated models that incor-
porate the interplay of expectations, affective responses and situational factors, taking into
account cultural and organizational contexts. Working on these dimensions will facilitate the
development of Al systems that better serve human needs and ideals. This review adds an
important dimension to the literature on Al adoption, drawing together fragmented and, at
times, contradictory evidence, highlighting areas in which much remains to be known and
setting the agenda for future research.

Keywords: Acceptance of Al, Human-computer interaction, Al devices, Emotions and Al,
Contextual factors and Al

3954

Citation: Luis Salazar and Luis Rivera. A Systematic Review of Factors Influencing the Acceptance Of Artificial Intelligence Devices.
Advances in Artificial Intelligence and Machine Learning. 2025;5(2):223.



https://www.oajaiml.com/ | June 2025 Luis Salazar and Luis Rivera.

1. INTRODUCTION

Artificial intelligence (Al) is among the most transformative and disruptive technologies of our time,
and it does so by ramping innovation and reshaping how industries work. Its impact is based on its
ability to automate, refine data analysis, improve decision making, and customize user experience
[1-3].

They can recognise trends, spot deviations, translate data into natural language and make personal
recommendations. It finds applications in healthcare, finance, e-commerce, marketing, education,
robotics, and the internet of things [4].

But the implementation of Al in organizations is not without serious challenges. While leaders are
forced to respond to increasing pressures to use these technologies successfully, barriers related to
complexity of process and resistance to change of users emerge [5, 6]. Furthermore, their integration
also has an impact not only on the organizational processes but also on the individuals, creating
considerable ramifications for both the service producers and consumers [7].

Al, in the context of university education, is shaking the processes of teaching and investigation,
position itself as a main tool for the education of the new professionals [8—11]. Yet, there are
practical barriers that hinder its use in the university context, such as inertia and still poorly defined
predictors of university student attitudes towards actual use [12—14].

Al is altering diagnosis, treatment planning, along with patient care outcomes, and doing so on
a much larger scale than humans are capable of in real time [15]. However, even in this field,
knowledge of the perceptions and needs related to these systems is limited, complicating efforts to
pave the way for the adoption of Al within healthcare [16]. In addition, little is known about the
factors related to health care professionals’ willingness to use Al-assisted diagnosis and treatment
systems [17].

Al is making manufacturing more productive, efficient and environmentally friendly. Datasets
performed real-time analysis, optimization of processes and ensure the quality is going to be a key
part of this transformation. But the organizational acceptance of such technologies is determined
by certain factors where employee willingness and employee attitude towards Al plays a significant
role [18, 19].

In this regard, we think that it is important to know the elements affecting acceptance or rejection for
using Al devices in various sectors. Through a systematic review of the sources related to the topic,
this study aims to identify the factors affecting artificial intelligence as an emerging technology. To
this end, the remainder of the paper reports the theoretical foundation, review methods of the study,
analysis findings of the researchable issues results, then discussion and conclusion.

2. PRELIMINARY CONCEPTS

Al techniques are being used in a variety of areas of human activity with all sorts of outcomes, from
success and acceptance to shortcomings and rejection, distrust and fear from users. Many of these
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impacts stem from different elements of its deployment: the complexity of the software, human
technology interaction means, user-centric cognitive aspects, trust level [20].

2.1 Al Techniques

Al — is branch of computer science that deals with the creation of intelligent machines that work
and react like humans. Seek to have learning, reasoning, problem solving, perception, and language
understanding [21]. Taking together, there is a wealth of literature discussing many of the important
sub-fields of Al like computer vision, natural language processing, machine learning, deep learning,
sentiment analysis, speech recognition, and robotics [20, 22].

2.1.1 Al devices

Al devices are made to copy cognitive functions like learning and problem-solving and are very
often powered by machine learning. They also have specific tasks based on human intelligence
skills such as speech recognition, cross-language translation, visual perception, and decision making
[23]. While originally not a social agent, Al was created to assist humans in performing tasks, it
now plays roles as a companion [24].

Based on their core functionality, Al devices can be divided into two broad categories: social-
oriented and task-oriented [25]. Certain devices are meant for social interaction, and these are
referred to as social oriented while task-oriented devices refer to the devices who can perform task
efficiently but not in human-like conversation [24, 26].

2.1.2 Willingness to accept the use of Al devices

Willingness to accept the use of Al devices means the willingness of the user to use it for a purpose
[27]. Similarly, the more positive the emotional experience with Al, the higher the willingness to use
it; negative emotions tend to influence acceptance negatively. The need to address these emotional
reactions is critical for greater acceptance of Al [28, 29]. The readiness to use Al devices differs
across various application contexts (such as medicine, transportation, psychology, and education),
covering another layer of contextual factors that characterizes the acceptance of Al systems [30].

2.1.3 Objection to the use of Al devices

The objection to the use of Al devices comes as a response to a low willingness of users to adopt
the use of Al devices. These emotions are far from viable and most certainly include frustration,
fear, uncertainty, anxiety, and worry, when it comes to making decisions regarding the use of Al
devices. Hence Such emotions can result in rejecting this technology and oppose technological
change [27, 31-33].
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2.2 Impact of Al

Al is shaping the development of human society and that’s an extraordinary impact. Often it is in
many, if not all, contexts, such as the economic, political, cultural, educational and medical and other
sectors, and it is improving and in a significant way transforming. To many users and organizations,
it is an efficient solution that enhances processes and makes them smarter, more efficient and often
more autonomous [34].

2.3 Human-Technology Interaction

Human-technology interaction (HTI) is inherently connected to human-computer interaction, which
is built upon research into the interactions between these two. Its main goal is to design systems
that are practical, usable, and that will fulfill the user’s needs and wants. The HTI perspective
stresses the need to acclimatize technology to human features in terms of physical, psychological,
group, organizational, and political domains, with the addition of ethical dimensions as a means of
dealing with the challenges of designing a technology that supports human activities and advances
the enhancement of quality of life [35].

2.4 Cognitive Aspects

Based on the literature, cognitive components of users are the mental processes and traits involved
with perception, comprehension, learning, memory, and problem solving and how they relate to
system, product, or technology-interactions [36, 37].

3. METHOD

The limitations that users face when using Al-based platforms, as mentioned in the introduction,
such as resistance to change and uncertainty, as well as related perceptions and needs, and factors
such as employees’ willingness and attitude towards Al, underline the need for further research
to understand and structure the key elements, with the aim of finding ways to overcome these
limitations. In this context, we pose three research questions to guide the analysis of the included
studies:

* RQ1: What are the expectations that affect acceptance or objection of the use of Al devices?
* RQ2: What contextual factors influence acceptance or objection to the use of Al devices?

* RQ3: Which emotions enable people to accept or reject the use of Al devices?

This research was conducted as a systematic literature review (SLR). The process was initialized by
identifying articles from a previous systematic mapping of the literature. Secondly quality criteria
were identified to sort and reduce the studies included in the review. Based on the standards for
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systematic review reporting, the PRISMA statement, we adhered to the corresponding recommen-
dations to ensure sufficient documentation of the whole process [38]. The Scopus and Web of
Science databases were also selected due to their high academic reputation and publication quality,
multidisciplinary coverage, and rigorous selection and indexing processes. These databases have
been previously selected in systematic reviews and provide access to highly cited, peer-reviewed
literature.

To identify pertinent sources that can answer the research questions, search terms for “artificial
intelligence” and “acceptance” or “rejection” were set (see TABLE 1).

Table 1: Search terms

Term Synonym

Artificial intelligence “artificial intelligence” OR “ai” OR “machine learning” OR “deep
learning” OR “robotics” OR “system intelligent” OR “intelligent device”

OR “Smart devices”.
Acceptance “acceptance” OR “adoption” OR “integration” OR “utilization”.
Rejection “objection” OR “rejection” OR “resistance” OR “opposition” OR

“disapproval”.

Note: Quotation marks were placed around terms consisting of two or more words to ensure that
the results showed the exact phrases, avoiding articles that only included the words individually.
Source: Authors.

The exclusion criteria applied were: (a) studies not related to the use of Al devices; (b) documents
from book chapters, reports, series or complete books, as well as documents in press; (¢) non-
accessible languages; (d) theoretical studies or studies without empirical data; and (e) articles in
which the use of Al devices is not mentioned.

A total of 153 articles were selected for analysis in the systematic review (See FIGURE 1). The
criteria used for quality assessment in this SLR included:

* Was a clear and specific research question formulated?

» Were the methods used to identify relevant studies clearly specified?

* Was a thorough review of the available literature conducted?

* Was bias minimized during the study selection process?

» Was control performed to avoid duplicity in the selection and extraction of data?
» Were the characteristics of the studies included in the analysis detailed?

» Was the scientific quality of the selected studies assessed and recorded?

» Were the methods used adequate to integrate the findings of the studies analyzed?
» Was the scientific quality of the studies considered when deriving conclusions?

» Was the possibility of publication bias examined?
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» Were conflicts of interest explicitly disclosed?

* Are the conclusions supported by the data presented in the study?
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Figure 1: PRISMA flowchart
4. RESULTS

Below the results from the systematic review are described structured after the research questions
formulated. The results summarize the most pertinent topics of the included studies. It focuses on
delivering coherent and justified specific answers to enable a firmer basis for debate and resulting
implications. The section below presents a more detailed discussion of the key findings in relation
to each research question.

RQ1: Expectations influencing acceptance or objection to the use of Al devices.

Performance and effort expectations influence the acceptance of Al-driven technologies and play a
key condition in contributing to the intention adoption to use these tools [39].

Many studies identified these dimensions and discussed how they relate to various contexts and pop-
ulations. Cheng et al. [17], found a positive correlation between health professionals’ intention to
use artificial intelligence for medical diagnosis and treatment and effort expectancy and performance
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expectancy. This result is consistent with evidence by Hameed et al. [40], who found that these same
expectations have a positive effect on healthcare staff behavioral intentions to implement Al into
the provision of medical care. But not every study demonstrates a uniform effect. For example,
Bisht et al. [41], noticed the positive effect of performance expectancy on employees’ behavior
and intention towards information system usage but termed effort expectancy as not significant
regarding these areas. However, outside of that discipline, the performance expectancy continues
to have predictive relationship as well, such as in business services and operations. Nawaz et al. [42],
and Norzelan et al. [43], likewise reaffirmed this expectation as a vital element for the intention to
adopt Al. However, Norzelan et al. [43], similarly found that effort expectancy was not significantly
related to the uptake of these technologies, further indicating that its effect may depend on context.
Similarly, Affandi et al. [44], found perceived performance expectations positively influences on
intention to revisit usage of Al-powered assistants. In a complementary manner, Sharma et al. [45],
discovered that the anticipated level of both effort and performance is positively related to the
adoption of Al-based autonomous decision-making systems. TABLE 2, synthesizes expectations
and attitudes regarding Al adoption in two areas of human activity.

Table 2: Area vs. Expectation and attitude regarding Al.

Area Expectation Attitude/Intention Reference

Health Performance/Effort Adoption of Al Cheng et al. [17]
Al usage behavior Hameed et al. [40].
Corporate Performance Adoption of Al Bisht et al. [41]; Nawaz et al. [42];
Norzelan et al. [43]; Affandi et al. [44];
Sharma et al. [45].
Effort Indifferent Bisht et al. [41]; Norzelan et al. [43];
Sharma et al. [45].

Source: Authors

In addition, Alzyoud et al. [46], explored the contribution of both performance and effort expecta-
tions as factors that work as strong predictors of perceived trust and overall willingness to use Al,
further highlighting the important role played by these factors in technology adoption.

In conclusion, performance expectations stand out also as a significant and relatively stable influence
on the adoption of Al-based technologies, while the effect of effort expectations follows a more fluid
and context-specific pattern. Our results emphasize the importance of differentiated approaches that
consider the idiosyncrasies of each sector and the interaction of these factors with other contextual
variables [43, 47].

RQ2: Contextual factors influencing acceptance or objection to the use of Al devices.

In TABLE 3, it discusses several contextual factors and how it affects the perception of Al-based
devices are discussed. Social influence, anthropomorphism, perceived ease of use, perceived self-
efficacy, perceived risk, perceived value, and hedonic motivation have been identified as prominent
drivers of adoption of technologies in different personal, professional, and educational contexts
[48-50].
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Table 3: Contextual factors influencing adoption or objection to Al devices.

Contextual Sources Freq.
factors
Social influence Chen & Lee [51]; Cheng et al. [17]; Sharma et al. [45]; Norzelan 10

et al. [43]; Vitezie & Periz [52]; Kandoth & Shekhar [53];
Changalima et al. [54]; Wong et al. [55]; Alzyoud et al. [46];
Acosta-Enriquez et al. [56]

Hedonic Cruz-Cardenas et al. [57]; Hartelina et al. [58]; Hwang & Moon [59]; 10
motivation Elmashhara et al. [60]; Acosta-Enriquez et al. [61]; Jo [62]; Chi
et al. [63]; Wong et al. [55]; Gursoy et al. [27]; Wang & Yin [64]
Perceived Rahman et al. [65]; Sola et al. [66]; An & Ma [67]; Falebita & Kok 9
self-efficacy [68]; Rodriguez-Ruiz et al. [69]; Morales-Garcia et al. [70]; Hong
[71]; Bai [72]; Mohamed Eldakar et al. [73]
Anthropomorphism Alsaad [74]; Sah [75]; Wong et al. [55]; Chi et al. [63]; Gursoy 5
etal. [27]
Perceived ease of  Al-Momani & Ramayah [76]; Aldraiweesh & Alturki [77]; Na 8
use et al. [78]; Falebita & Kok [68]; Wang et al. [79]; Almeida

et al. [80]; Kumar & Lohan [81]; GoBwein & Liebherr [82]
Perceived value Osei & Rasoolimanesh [83]; Sattu et al. [84]; Akdim & Casal6 [85];
Testa et al. [86]; Rather [87]
Perceived risk Zhang et al. [88]; Alzaabi & Shuhaiber [89]; Kolar et al. [90]; Krieger 6
etal. [91]; Li [92]; Roy et al. [93]

(V)]

Source: Authors

Social influence is placed in the front and center in the literature on the predisposition of individuals
to adopt Al technologies, owing to the direct and indirect impact social influence carries on both
perceived use and intention to use [51]. It carries over into areas such as personal, educational
and professional life, and its impact has been found to be significant and persistent in a number
of research works. For example, Cheng et al. [17], Showed that social influence mediates the
relationship between performance and effort expectations with the intention of clinicians to integrate
Al tools into their working process. Sharma et al. [45], also found that social influence positively
influenced the intention of using autonomous decision-making system. Norzelan et al. [43], found
out that social influence did not directly influence Al acceptance and thus their influence might be
varying in different contextual setting. Furthermore, while effort expectancies were influenced by
social pressure, performance expectancies were not [52]. Kandoth & Shekhar [53], and Changalima
et al. [54], and Acosta-Enriquez et al. [56], reveal that social influence has a significant positive
effect on intention toward the adoption of Al-based technologies, e.g., job application systems and
ChatGPT. Finally, Wong et al. [55], proved that social influence strongly (positively) influences
performance expectation, but significantly (negatively) influences perceived effort, which supports
its dual role for Al acceptance [46].

Anthropomorphism — attributing human characteristics to an Al device — also shapes users’
interpretations and sense-making of Al devices. Such a factor can facilitate the reinforcement of
social connectedness, performance expectations and positive feelings and attitudes toward the Al
devices [74, 75].
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Previous studies e.g. Alsaad [74], find that anthropomorphism could have led to an increase in
performance expectancy and positive referential affect towards towards Al devices as anthropo-
morphism provides higher social presence whilst interaction with Al. Similarly, Wong et al. [55],
this anthropomorphism is associated with a higher performance expectancy and a lower effort
expectancy that would continue to drive adoption. Chi et al. [63], and Gursoy et al. [27], state
that anthropomorphism have a significant and positive impact on expectation about performance
and effort believed which becomes a vital component in the acceptance of Al based technologies.

Perceived ease of use is held to be a determinant of the acceptance of Al-powered technologies [76].
Many empirical studies have therefore investigated its influence on a wide range of Al acceptance
determinants. For instance, this perception directly affects the perception of usefulness, which
indirectly conditions the attitude toward the use of these technologies, according to Aldraiweesh and
Alturki [77]. Conversely, Na et al. [78], found there to be a positive relationship between perceived
ease of use and technological satisfaction in their adoption of Al-based solutions. Similarly, Falebita
and Kok [68], found that this variable is a strong predictor in creating positive attitudes towards the
adoption of intelligent tooling. Within the scope of e-commerce Wang et al. [79], and found a
positive influence of perceived ease of use on attitudes towards the use of Al. Similarly, Almeida
etal. [80], demonstrated that this perception is an essential mediating element in the relation between
the mindset of HR practitioners regarding the adoption of Al technologies. In agreement with this
conclusion Kumar and Lohan [81], found that the perceived ease of use had an impact on the attitude
towards using individual Al tools specifically ChatGPT. However, it is worth remarking on that
this trend is not agreed upon by all studies. Others, like G6Bwein and Liebherr [82], did not find a
significant impact of perceived ease of use on intention to use Al in work contexts and suggest that
the use context should be considered a moderating variable here.

Another important factor affecting the acceptance of Al devices is hedonic motivation, defined as
the pleasure and enjoyment obtained through the usage of a particular technology [57, 58]. This
dimension has been highlighted as a major determinant of intention to use Al based technologies,
as it is strongly connected with positive emotional experience during use [59-61]. Studies indicate
that hedonic motivation is associated with perceived ease of use and with the pleasure derived from
using technologies such as Al based personal assistants [62]. Chi et al. [63], also demonstrated that
it is a factor for tourists in using Al devices. Wong et al. [55], showed that Hedonic motivation was
positively related to performance expectations and, at the same time, decreased users’ perceived
effort. Similarly, Gursoy et al. [27], found to positively influence performance expectations and
perceived effort of these technologies, further strengthening its position as one key driver of Al
acceptance. Similarly, Wang & Yin [64], found that hedonic motivation had a positive effect on
generative Al usage.

Perceived self-efficacy: It is defined as users’ belief on their ability to use technologies [65]. Ad-
ditionally, this factor is also associated with the Al positive attitude and tendency to adopt Al in
different contexts [66]. Based on what An & Ma [67], as well as Bai [72], opine, technological
self-efficacy of university students has a significant effect on their academic performance through
Al technologies. Rodriguez-Ruiz et al. [69], found a positive relation between perceived self-
efficacy and use of Al in day-to-day problem-solving and Morales-Garcia et al. [70], emphasized its
relevance in Al technologies adoption in academia. Moreover, Hong [71], and Mohamed Eldakar
et al. [73], highlighted the positive effect of self-efficacy on perceived ease and usefulness of Al
underscores its significance in technology acceptance.
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Technological readiness also appeared to be an important factor impacting the acceptance of Al, for
those who expressed a high technology readiness would perceive less risk related to the Al adoption
and eventually its willingness to accept the new technology. Such readiness functions as a moderat-
ing variable that diminishes perception of risk, as well as indirectly and directly behavioral intention
[30, 94]. Thus, previous experience, trust and familiarity with technologies impact risk perception
from AI [91]. Kolar et al. [90], found that female users perceive a higher risk associated with Al
based technologies, which make them less willing to use them and lowers their self-evaluation of
their technological skills. In the same way, Alzaabi & Shuhaiber [89], found that perceived risk is
a barrier towards innovating Al technologies. Also, the perception of risk and approval or rejection
of Al devices is mediated by geographical and social context. In this regard, Zhang et al. [88],
found perceived risks related to privacy and security weakened trust in Al among trainee teachers
in rural environments but the same was not true for urban teachers; this indicates how geographic and
social settings can influence risk perceptions and willingness to adopt these technologies. Likewise,
perceived risk can serve as a significant obstacle to the acceptance of Al-powered technologies. For
example, designers are less likely to use Al tools when they have the perception that its use has a
potential high level of risk [92]. Similarly, Roy et al. [93], reported that when medical professionals
perceive Al technologies as a risk, their willingness to use them in clinical practice would decrease.

Another important factor that drives Al acceptance is perceived value. As Osei & Rasoolimanesh
[83], pointed out, this factor plays a dominant role in determining the willingness to adopt advanced
technologies. Perceived value has been recognized as an important factor in the adoption of Al-
based technologies, in particular work contexts such as human resources [84]. Likewise, Akdim &
Casal6 [85], highlighted a positive relationship between perceived value and the use of Al-based
virtual assistants, highlighting their relevance in everyday technological interactions. In specialized
applications, such as natural language processing models, Testa et al. [86], and Rather [87], con-
firmed a significant association between perceived value and intention to use these technologies.

TABLE 3, shows that, among the sources analyzed, the most studied factors are social influence
and hedonic motivation, followed by perceived self-efficacy, perceived ease of use, perceived risk,
anthropomorphism and perceived value.

In summary, these factors do not operate in isolation but interact in ways that are complex —
imparting conditions for acceptance and use of Al-powered devices at various levels and contexts.
Similarly, both individual and contextual variables must be taken into consideration when assessing
the dynamics surrounding technological adoption [95].

RQ3: Emotions influencing acceptance or objection to the use of Al devices.

Using Al devices includes interaction lines from user to technologies, which can lead to a wide
spectrum of emotion. Components including anxiety, stress and trust influence the perception and
acceptance of these tools [96, 97].

The rise of Al-related anxiety has garnered growing attention as this technology develops at a rapid
pace and infiltrates many sectors. Current literature has suggested adverse effects of anxiety toward
adoption of Al, but its understanding remains incomplete [98]. Anxiety is a significant factor in the
acceptance of these technologies, according to multiple studies. Such as Cho & Seo [99], Rodriguez
[100], Cengiz & Peker [101], and Wen et al. [102], anxiety had a negative correlation toward Al
acceptance. More specifically Iyer & Bright [103], and Chen et al. [104], note that this anxiety
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hampers the adoption of big data and Al. Furthermore, Kaya et al. [105], and Schiavo et al. [106],
noted that negative attitudes toward Al are related to anxiety about its setup and learning. However,
Zhang et al. [107], stated that the perceived ease of use had no negative relationship with the anxiety
toward Al, indicating that the effect of anxiety might be conditional on context variables.

Altools can facilitate tasks and alleviate workload, possibly alleviating stress; yet they can also bring
forth new demands and pressures, especially without proper training or assistance [108]. Loureiro
et al. [109], confirmed that the imposition of Al at workplace can induce stress and impact human
well-being, whereas Jeong et al. [110], identified an increase in job stress levels as these technologies
were adopted.

A crucial emotion in the adoption of Al is trust in these technologies, since low trust may lead to
misuse, abuse or non-use [111, 112]. Hameed et al. [40], through their study acknowledged that trust
positively influences behavioral intention of health professionals for the use of Al in healthcare. Kim
et al. [113], demonstrated that aspects such as social influence and expectations of performance and
efforts strengthen trust, which, in turn, is a significant driver of the intention to accept Al. However,
Tran et al. [114], indicated that confidence was not positively related to the behavioral intention to
use these types of technologies, indicating that the effect of confidence varies in relation to context.
TABLE 4, summarizes emotions and their impact on Al adoption.

Table 4: Impact of emotions on acceptance or objection to Al

Excitement Impact on AI Reference

Anxiety Negative Cho & Seo [99]; Rodriguez [100]; Wen et al. [102]; Iyer & Bright
[103]; Chen et al. [104]; Kaya et al. [105]; Schiavo et al. [106];

Cengiz & Peker [101]
Does not exist Zhang et al. [107]
Stress Negative Loureiro et al. [109]; Jeong et al. [110]
Trust Positive Hameed et al. [40]; Kim et al. [113]

Does not exist Tran et al. [114]

Source: Authors

The combined influences of anxiety, stress and trust on Al acceptance are highly context-dependent,
which suggests the necessity of holistic approaches that factor in the most relevant variables and
their respective interplay within individual situations. This is to ensure that different models of
Al are going to be well integrated into various settings, maximizing the positive influence of Al
[115, 116].

5. DISCUSSION

These findings highlight inconsistencies and much evidence gap in the literature related to factors
influencing acceptance or rejecting of Al devices. Expectations, contextual factors and emotions
are some of the essential components proposed in these processes; however, the findings would
not always be homogeneous, evidencing the necessity to study these topics in depth for a more
comprehensive comprehension. We find contradictory evidence with respect to expectation in the

3964



https://www.oajaiml.com/ | June 2025 Luis Salazar and Luis Rivera.

studies we reviewed concerning the desirability of effort expectancy to the acceptance of Al in
the work environment. For instance, studies, such as Cheng et al. [17], and Hameed et al. [40],
contribute to a negative effect, while Bisht et al. [41], and Norzelan et al. [43], report that there
is no evidence of such a relationship. Considerable differences in the findings may be explained
by diverse methodologies used, variances in study population characteristics or in the specific
Al devices tested, which makes the context of comparative studies and methodologies relevant
for research. In some studies, social influence is one of these relevant contextual factors that
exert a positive effect on acceptance of Al devices. However, Norzelan et al. [43], found no
evidence of such a relationship, implying that its impact may depend on mediating factors, such
as cultural norms, level of familiarity with the technology or the specific dynamics of the analyzed
organizations. Emotions are, on the other hand, a important aspect of Al acceptance. Anxiety is
repeatedly cited within the literature as a detriment, although Zhang et al. [107], found no evidence
for this effect. Likewise, although confidence is often presented in a favorable light, Tran et al. [114],
could not confirm that association. This gap indicates the need for a more comprehensive analysis
of emotions considering how emotions relate to one another as well with other variables such as
expectations and contexts of use. Artificial Intelligent (Al) devices have been one of the most
prosperous inventions of modern human beings, which raised some questions about the factors affect
the acceptance of Al devices. In this review we find that social influence and hedonic motivation
are crucial elements in Al devices acceptance process. It suggests that there’s more at play than
just technical and functional dynamics, and that human relationships and the perceived gains from
a personal enjoyment and gratification perspective shape the adoption of these tech. But even as
progress has been made, significant limitations nonetheless persist. These studies mostly focus
on particular Al devices, which limit the generalizability of the findings. In addition, while their
analysis included emotions (e.g., anxiety, stress, trust), other psychological or emotional processes
that could be a key factor leading to Al acceptance have not been studied extensively or in depth.
Future work should immediately explore the systematic interaction between expectations, context,
and emotion in various Al usage scenarios. Future studies should adopt designs that enable the
multidimensional analysis of these interactions, considering both functional differences in Al and
cultural and organizational contexts. Not only will this facilitate a better overall comprehension of
acceptance structures, but it will also enable building more acceptable artificial intelligence devices
specifically for humans.

6. LIMITATIONS

One limitation to consider is that the review focused exclusively on articles available in the Scopus
and Web of Science databases, excluding other specialised sources such as IEEE Xplore or ACM
Digital Library. While this choice allowed us to maintain a focus on high-quality research, it is
possible that some relevant studies on the acceptance of artificial intelligence technologies may not
have been considered.

On the other hand, an important methodological limitation is that this study did not include a quan-
titative meta-analysis. This is because the main objective was to develop a qualitative systematic
review aimed at identifying, classifying, and analysing the factors that influence the acceptance or
rejection of artificial intelligence devices. The great heterogeneity observed among the included
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studies in terms of theoretical frameworks, populations, application contexts, and types of artificial
intelligence technologies prevents the valid calculation of comparable effect sizes.

7. CONCLUSION AND FUTURE WORK

The systematic review has established that acceptance and objection to Al devices is mediated
by expectations, contextual factors and emotions. That the differences noted between the studies
reviewed is indicative of the complexity of these processes and that more research is warranted to
aid to understand them fully. While constructs including effort and social influence and anxiety
have received thorough attention, their impact on Al acceptance is not homogeneous, indicating the
potential role of mediators and moderators which has not been fully addressed. Moreover, while
hedonic motivation and trust emerge as central components, their connection to other emotions
and to particular use contexts is lacking. This analysis emphasizes the need for comprehensive,
multidimensional approaches in future studies that not only assess these factors in isolation, but
also their interactions and how they differ across types of Al and applications in which they are
deployed. Also, it is important to explore other emotional and psychological processes that may
exert a strong influence on the adoption of these technologies. To summarize, this paper not only
categorizes the existing insights but also maps a plan for their progress, which will help to understand
the mechanics of Al devices acceptance and promote their appropriate deployment in the different
environment,
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